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Trust Part of ML Pipeline

Make better Improve model
Trust Al system decisions
NETFLIX }’%
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ML is Everywhere

Authorizing credit
e Sentencing guidelines

e Prioritizing services

College acceptance

e Suggesting medical treatment
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ML is Everywhere
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Many Cars Tone Deaf To Women's Voices

To predict and serve?
Krist m, Williarr

First published:
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Users by Race




Keep it Simple (Stupid)

e Clear preference for interpretability
e Even at the cost of performance: decision trees still popular

e But what about all of the great machine learning we’ve talked about?
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We’ve already seen problems

e Gender/racial bias
e Generalization failures

e Malicious Input

Strength of association of
occupation word vector with female gender
o

0 20 40 60 80 100
Percentage of workers in occupation who are women
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We’ve already seen problems

e Gender/racial bias
* Generalization failures

e Malicious Input
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Can we just remove problematic variables?

* Not obvious a priori
¢ Can find correlated features

e More of a problem in deep learning
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Subject for Today

Intrinsic evaluation: topic models

Intrinsic evaluation: embeddings

Extrinsic evaluation: supervised ML

Extrinsic evaluation: visualizations for supervised ML
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