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Lemmak-DCR an be solved inpoly-time using the Ellipsoidmethod.
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1 � � 2 � � � = #iterations1:38�
bound on (MST): 2(1� 1�)� � 2e��=�bound on optk : (1� 12� )� � e��=(2�)

TheoremFor � := ln(4) � � one has: ost � 32optk.
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1 � optk2 � optk

1 � � 2 � � � = #iterations
improved bound on optk : 2e(��k)=� + 1

TheoremFor � :=1 one has: ost � 1:39 � optk
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